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ABSTRACT

Brokerage houses usually organize their reseanthtees by country or economic sector. We
evaluate which research structure provides mosteved investors. To do so, we study the
relative information content of recommendationsiésk by country-specialized analysts and
sector-specialized analysts. Our findings show tha former issue more valuable
recommendations. The strength of country-specdimmonalities explains at least part of the
better performance of country-specialized finanaiadlysts. Surprisingly, although analysts’
geographic location has been shown in the liteeatorbe a determinant of earnings forecast
accuracy, it is not a source of a comparative atdwgn when it comes to stock

recommendations.

JEL Classification: G1, G29, D82
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1. INTRODUCTION

Brokerage houses usually organize their researtiitees by country or economic
sector. The units of production are financial aselywho dedicate their time and effort to
issuing earnings forecasts and recommendationth&set of firms they follow. There are
probably different forces that shape how analystssearch is structured such as
commonalities across firms, the information enunamt, customer needs, and cost
considerations. No matter what drives analyst spieation, large amounts of money are
invested every day on the basis of analysts’ recenttations. This makes it important to
understand which organization structure gives itorgesnost value.

The information environment and the existence ahmwonalities across firms are
significant determinants of the structure and dquadf financial research.The quality of
analysts’ recommendations is influenced by thelakdity and quality of information and by
the models they use to interpret this informationaddition, information complementarities
can facilitate the process of analyzing firms aondtdbute to a better understanding of firms’
economics. They provide a rationale for why analyshd to specialize and choose portfolios
of firms that share certain commonalities. Accogdin Kini et al. (2003), analysts tend to
cover single-country portfolios in countries whemnational influences are strong, and
specialize in firms that belong to a single ecomomsector in industries where common
economic forces are prominent. As they argue,ithonsistent with the objective of taking
advantage of economies of scale in information esitipn and production to produce high-
quality research.

The importance of adapting financial research tstamer needs is emphasized in
Rubino (2003}. Customer needs refers to the way fund managerstste their investment
process. Investors who believe that financial m@arka&re segmented try to profit from
international diversification. They mostly need otwy-specific research. For instance, they
are willing to know the future top-performing firmgthin each country. Investors who, on
the contrary, are convinced that financial markate highly integrated rely on sector
diversification. For that reason, they tend to eaflobal sector-based approaches. Sector-by-

sector analysis is then more appropriate to theifsp@eeds of these fund managers.

! Berger et al. (2003), Petersen and Rajan (2001),Siein (2002) focus on the importance of therimfation
environment in the organization of financial intemtraries.

2 John Rubino, “The New Global Industry Analysi€FA Magazine, July-August 2003 (quoted in Kini et al.
(2003)).



The forces and constraints that shape how finamesdarch is organized may affect
brokerage houses in different ways. In this paper, evaluate which research structure
provides most value to investors. To this end, welare whether stock recommendations
issued by country-specialized analysts contain maofermation than recommendations
issued by sector-specialized analysts, or vice aferd/e focus on financial research
performed on European equities, for which both ¢gubased research and sector-based
research exist.

Our findings show that stock recommendations isdnedountry specialists contain
more information than those released by sectorisigs. When the recommendation is
released, the stock price reaction is stronger rerommendations issued by country
specialists. Furthermore, there is additional imfation provided by country specialists that is
slowly incorporated into prices, with a drift lagjiup to 20 trading days. Conversely, there is
no drift after recommendations issued by sectocigpsts. We interpret this delayed price
reaction for country specialists as evidence o&greinformation content since it is related to
the type of analyst, not the type of firm. Riskfghg, for example, is not a plausible
explanation, as for any given firm the drift isostger after a recommendation issued by a
country specialist than after one issued by a sepecialist.

We further explore whether our findings stem framiormation complementarities
and economies of scale in gathering and processiftgmation. More specifically, we
evaluate different sources that could explain th&rmational advantage of country
specialists, such as country factors, governangenes, financial disclosure environments
and geographic proximity to the firm. Commonalitesoss firms may stem from a shared a
country of domicile. Firms within a country shahe tsame reporting and governance systems
and are subject to similar economic forces. Highhty institutional structures (i.e. high-
quality disclosure and good governance, which ted@s into more transparency) have a
positive impact on the information environment amdy require less country-specific
knowledge. Also, with a better information envircemb, the role of geographic and cultural

proximity may be less important.

% From now on, we interchangeably call country-spiéed analysts “country specialists” and sectaesized
analysts “sector specialists”.

* Financial research on US equities is mostly ommhialong sector lines and for Asian equities aysinased
research is most preferred. See Reuters Instiltibivestor Survey, Institutional Investor Reseaf@toup
(2002) also mentioned in Kini et al. 2003. To thenttary, research on European firms, even thougkeloi
towards country-based structures, is performed dity lwountry and sector specialists. Approximated63
respectively 70%, of the 6587 analysts considerexir sample where sector, respectively countmsgisfists.



For these reasons, we explore whether the infoomaadvantage of country
specialists is stronger in countries with lowerdgyainstitutional structures. Our results
suggest that the disclosure environment and thal Ipgptection for shareholders partly
explain the country specialists’ advantage.

Country specialists’ advantage may result as weihfa geographic advantage. These
analysts are on average based closer to the flimsfollow and may therefore have better
access to private information. They are also gdlyelbased within the same country as the
firms they follow, thus increasing cultural and tigional proximity, although neither of
these dimensions of proximity seems to be a soof@comparative advantage. Our results
indicate that neither being close or being locatétthin the same country as the firm is an
important determinant of the additional informatioaontained in stock recommendations
issued by country-specialized analysts.

We then investigate whether country specialistsvdilaeir comparative advantage
from recommendations issued for firms headquarténedountries with strong common
economic forces. Results show that part of thetemdil information conveyed by country
specialists’ stock recommendations can be explaiyetiis factor. Country-specific variables
therefore appear to be important determinants.oéspecialists, who may need to summarize
these variables when valuing firms from differentdtions, are at a disadvantage, as they
may lose valuable of information.

Even though we perform a battery of tests to chbekrobustness of our results, we
are aware of potential limitations of this studgn® of the variables considered as potential
explanations for the differences in the relatii@imation content of recommendations issued
by country and sector specialists are quite higiuyrelated. This makes it a hard task to
disentangle the individual effect. For instanceyrtaes with low accounting standards are
likely also to provide low shareholder protectidrhey are also likely to be the smallest
national markets in the sample. Therefore, oustesbuld not be viewed as an unequivocal
explanation of the comparative advantage of couspgcialists. Instead, our results are more
likely to indicate under which conditions countpesialists bring more information than their
sector peers. All of these conditions may not béuadly exclusive.

The paper is organized as follows. Section 2 ptssanbrief review of the extant
literature on the value of stock recommendationssdction 3, we discuss the objectives and
constraints that shape brokerage houses’ orgamizaif research on European equities.
Section 4 introduces the data and the methodolbgysection 5, we focus on financial

analysts.



We analyze their portfolio characteristics, howythiend to specialize, and whether
there is an informational advantage linked to sgemtion. Section 6 is devoted to
explanations of the comparative advantage thattop@pecialists seem to have over sector

specialists. We conclude in section 7.

2. THE VALUE OF STOCK RECOMMENDATIONS AND ITS DETER MINANTS

Stock recommendations constitute a final outputanflyst research and reflect
analysts’ overall opinion about the value of stoakgelation to their market price. Elton,
Gruber, and Grossman (1986) highlight the unequivpece of information constituted by
analyst recommendations. They write: “Stock recomaa¢ions clearly and unambiguously
indicate whether financial analysts consider amggisecurity as under- or over-valued.” In
contrast, earnings forecasts represent an inteat@gdhumber contributing to stock
recommendations. As Schipper (1991) emphasizedysasiacarnings forecasts are just one
ingredient used to evaluate the investment poteottia stock. Thus, stock recommendations
may incorporate further country- and sector-spe@fialysis and judgments beyond what is
included in one-year-ahead earnings forecasts. tkat, we focus on analysts’ stock
recommendations.

Various studies show that analysts’ recommendaiionyey valuable information to
investors. Womack (1996), Francis and Soffer (199%ovic and Jegadeesh (2004), and
Asquith et al. (2005), among others, document aitiges relationship between
recommendation upgrades and downgrades and stac&sprThose studies show that
significant price reactions occur both when recomdagions are released and in the months
after. Womack (1996) finds that the drift appeacs last up to six months after
recommendation downgrades, whereas it is shokted-livhen stocks are upgraded. All of
these studies focus on recommendations issued 8n adjuities. A notable exception is
Jegadeesh and Kim (2006), who extend the investigét the G7 countries. They report that,
although abnormal returns are highest in the U&pmmendation changes significantly
affect prices in all G7 countries. They also fihdttprices continue to drift in the direction of

the recommendation change over the following twsixanonths in all of the countries.

® See also e.g. Asquith et al. (2005). They expéafditional information pieces contained in finaheinalysts’
reports, such as target price revisions, and tieagth of the quantitative and qualitative arguraent



Beyond that, there is limited evidence on the vabfiestock recommendations in
Europe.

Despite the importance that both academics andifioaers attach to the information
content of stock recommendations, there is limggilence on what factors determine the
value of those recommendations. Stickel (1995)m®reg the few authors who analyze the
short- and long-term price performance of analysggommendations and identifies some
contributing factors. He shows that the stock prezection is positively related to the strength
of the recommendation, the size of the brokeragesdédssuing the recommendation, and the
analyst reputation, and is negatively related &dize of the firm. Asquith et al. (2005) report
a similar result and show that the price reactioouad the release of recommendations is
negatively related to the number of analysts foltmathe firm. Ivkovic and Jegadeesh (2004)
show that the stock price reaction is weaker wigeemmendations are released immediately
after earnings announcement dates. They concladdittancial analysts add more value by
gathering information than by interpreting it. B@amid Womack (2004) support this view, as
they show that price reactions to analyst recommnials generally increase with time from
the last scheduled earnings announcement. Loh aad (2006) results are consistent with
the notion that the value of analysts’ recommeiodatis founded in economic rationale and
not on other ad hoc firm characteristicBhe common theme of the studies cited above is tha
stock recommendations are valuable because andigsts superior information than the
market as a result of their gathering and intenpgeskills.

Other studies focus on the analysis of the infolomatontent of earnings forecast.
These studies reveal additional variables thatecguhain the differential information content
of analysts’ output. Some of these variables deda@ to geographic factors. In the context of
European markets, Orpurt (2004) shows that findreialysts located in the same country as
the firms they follow issue on average more aceuestrnings forecasts than analysts based
abroad. Enlarging the investigation to a sampl@2ofountries, Bae et al. (2005) confirms this
finding. Malloy (2005) examines another geograptiimension: that of physical distance.
Building on the work by Coval and Moskowitz (200d) fund managers, Malloy (2005)
computes the “fly of bird” distance between anayatd the firms they cover. He reports that

proximate analysts strongly outperform analystated farther away.

® A confronting view is that offered by Jegadeeshlef2004), Cornell (2001), and Bradshaw (2004pwahgue
that the market reaction to analysts’ recommendatis related to heuristic firm characteristicsheatthan
founded in economic analysis or stock picking &ili



Physical proximity, as well as being located withlre same country as firms’
headquarters, may therefore also play an importaatin the value that analysts deliver to
investors.

We further hypothesize that the composition of gstal portfolios and particularly
analysts’ specialization may be important in detaing the relative level of information
contained in stock recommendations. In the nextimgcwe discuss potential explanations

that could support this hypothesis.

3. THE ORGANIZATION OF RESEARCH DEPARTMENTS: COUNTR Y VERSUS
SECTOR SPECIALIZATION

The quality of analysts’ recommendations is inflceah by the availability and quality
of information and by the models or skills usegbtocess this information. These are broadly
the two sources of value in analysts’ recommendatitvkovic and Jegadeesh (2004) show
that the dominant source of analysts’ value lieshim quality of information rather than its
interpretation.

To exploit economies of scale in gathering inforioat Kini et al. (2005) show that
analysts tend to specialize and choose portfolforms that share certain commonalities.
Commonalities across firms may stem from sectoreauntry-specific factors. If analysts
think that firms’ earnings and value are largelien by common factors within an economic
sector of activity, they may choose to follow ordgmpanies within a sector. Similarly,
country specialists will tend to follow only firmecated in the same country and for which
national forces may be the most significant driviefuture earnings.

The organization of research may also be shapedtigr forces and constraints.
Despite the predictions of Kini et al. (2005), whvea look at analysts’ portfolios, we find that
firms are often followed by both country and sectpecialists. That is, there are sector
specialists following firms that have important oby-factor commonalities and vice versa.
It is probable that when choosing their portfoli@salysts’ weigh forces and constraints
beyond economies of scale in gathering and inteéngréenformation.

If some analysts’ portfolios benefit from the infoation environment more than
others, it is plausible that the quality of anadydbrecasts and the value they deliver to
investors differ.



Actually, we expect that recommendations issuedralysts whose portfolios benefit
most from the existence of commonalities acrossdiare those that are more informative
about the true value of the firm. For examplehéd earnings of a given firm are driven largely
by country economic forces, we would expect couspgcialists to benefit from economies
of scale in using country-specific information anid issue superior forecasts and
recommendations. In fact, Sonney (2005) shows ¢tbantry specialists issue on average
more accurate earnings forecasts and finds thagrgpbical proximity constitutes a
significant determinant of this superior performan¥et better accuracy need not necessarily
translate into more informative recommendatibhsour example, sector specialists could be
at a disadvantage in terms of economies of scajatimering and using information; however,
they could benefit from using a valuation model teptures well the economics of the sector
that they follow. Indeed, Demirakos et al. (200&nark that analysts tailor their valuation
methodology to the industry in which the firms axtef It is also possible that less accurate
earnings forecasts translate into more informatist®ck recommendations because
recommendations may include information in addittonthat attached to forecasts. For
example, analysts provide a justification for theecommendations, but not for their
forecasts. Also, focusing on recommendations allmgsto evaluate whether and how
investors recognize the informational advantageahalysts may have.

It is well documented that complexity affects thecwracy of analysts’ earnings
forecasts because processing limitations and sjestaf time cause some information to be
excluded or simplified. So, it may well be thatlso has implications for the value of stock
recommendations; see Plumlee (2003), Brown (198ay et al. (1994), Lang and Lundhom
(1996), Duru and Reeb (2002), Clement (1999), Ma({2002), Clement et al. (2003). An
important source of complexity for country speatilies in the fact that they follow firms in
different sectors. Therefore, there may be a limithe sector-specific information they can
process. For sector analysts, complexity arises fialowing firms from different countries.
They need to obtain country-specific informatiorr feach country represented in their

portfolio. Before using this information, they ne®edstandardize it across firms.

" Loh and Mian (2006) document a positive assodiatietween the value of recommendations and thétgaél
forecasts for U.S. equities. Relying on their fimgs, they argue that stock picking ability is foaddon
economic rationale and not on ad hoc firm-spedafiaracteristics. See Jegadeesh et al. (2004), I[C(2061)
and Bradshaw (2004).

® The analysis of strategic issues and R&D projestsghie critical part of the valuation process in the
pharmaceuticals industry, whereas the brand stiergtd innovative skills and competence in techgylare
the center of attention respectively in the bevesand electronics industries.
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This standardization may lead to a loss of inforamatalue that may be larger when
country-specific factors are more important. If moy-specific information appears to be
more important to assess the investment poteritialfom than sector-specific information,
then sector specialists may be at a disadvantage.

Several studies provide evidence that country factowe important. These studies
stress that there are still numerous divergencesgmational markets. Since the mid-1990s
and the work of Heston and Rouwenhorst (1994, 199%ch attention has been devoted to
the relative impact of industry and country factomsstock returns. Heston and Rouwenhorst
(1994, 1995), Beckers et al. (1996), and Griffird dfarolyi (1998), among many others,
conclude that country factors are more importartereinants of stock returns than sector
factors. More recently, Cavaglia et al. (2000) &8aca et al. (2000) reveal a growing
influence of industry factors. Moreover, their riéislead to the impression that sector factors
may even have become more important than counttgriat the end of the 1990s. However,
as is apparent in the work by Adjaouté and Dant(2@®3), the relative influence of country
and sector factors in stock returns appears toviottycles. The Cavaglia et al. (2000) and
Baca et al. (2000) studies would very likely hag&rned the same results if they had been
carried out in the mid-1970s. Our reading of titerature is that country-specific factors still
exist and may even have strong impacts on firmshiegs and stock prices. Thus, these
studies suggest that country commonalities acrioess fare important; country specialists
therefore, could have an advantage over sectoiadists

Despite of the overwhelming evidence that counpgesfic factors may still play an
important role, professional circles currently seenfavor a global-sector-based approach.
Focusing on international fund managers, GalatiEsatsaronis (2001) report the results of a
survey conducted on behalf of Merrill Lynch thabals that in 2000, 75 percent of surveyed
fund managers answered that sector diversificatiag their primary objective, and only 10
percent gave priority to the international divedcsifion approach. If investor needs are
important in shaping analysts’ portfolios, theiefarences may tend to influence the structure

of financial research.
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4. DATA AND EXPERIMENT DESIGN

4.1. Data

The construction of our sample starts with all motendations on European firms
issued during the period 1994-2003, regardlessi@fiacation of the analysts who issue the
recommendation. We focus on the 15 major Europearkets, namely, Austria, Belgium,
Denmark, Finland, France, Germany, Ireland, Italye Netherlands, Norway, Portugal,
Spain, Sweden, Switzerland, and the UK. As we laragady discussed, our choice to restrict
the analysis to European markets stems from the tfet the organization of financial
research departments along country or sector lisemainly a European phenomenon.
Therefore, our focus on these markets providesitisavlarge cross-section of country- and
sector-specialized analysts.

Financial analysts’ stock recommendations are etdda from the I/B/E/S
International and US Recommendation History datda$he I/B/E/S Identification File is
also used to obtain the country of origin of eadm,fas well as the industry sector in which
each firm operates. Eleven sectors are definedndéie, health care, consumer nondurables,
consumer services, consumer durables, energy,pwetasion, technology, basic industries,
capital goods, and public utilities. We excludenirthe sample firms for which I/B/E/S does
not provide us with a country, an industry, or th@me of the analyst who issues the
recommendation.

Market data such as stock prices, dividends, rigk-fnterest rates, and firms’ market
capitalization are taken from the Thomson Finanbeatlastream database. From this database,
we also obtain the market index SP350 Europe (eurency) that we use as a benchmark.
The availability of market data for each firm impesadditional restrictions on our final
sample, which includes only firms with availablécprand recommendations data in both the
I/B/E/S and Datastream databases.

Other sources are used to obtain further relevatda eénd control variables that we
introduce in following sections. The Worldscope atetse provides us with data on the

geographic locations of firms’ headquarters.

%In general, analysts following Japanese firms awntry specialists, whereas research on US firmdst¢éo be
structured according to sectors.

12



Financial analysts’ addresses are found in diffeeselitions—from 1994 to 2003—of
Nelson Information’s Directory of Investment ResdarLatitude and longitude data needed
to compute the distance between analysts and iims they follow are extracted manually

from the Websitenww.heavens-above.canfinally, we obtain the country-specific variables

relating to accounting standards and shareholdategiion used by La Porta et al. (1998)

from the Center for International Financial Anatyand Research and.

4.2. Analysts’ Specialization

As a next step, we classify all analysts accordintheir specialization. To this end,
we compute the Herfindahl Index (HI), a concentratratio that is generally used as an
indicator of the degree of competition in an indysThis ratio allows us to classify as sector
(country) specialists those analysts that concentom firms within the same sector or
industry (country). It is possible that sector (etvy) specialists also issue recommendations
for firms that belong to other sectors (countries) this activity is marginal. The advantage
of using this measure to classify analysts accgrtbrtheir specialization is that it is based on
concentration. For example, it allows us to clgssi§ a sector specialist an analyst who
follows ten firms in the same sector and one firmai different sector. An alternative
classification could consist of defining as secdtoountry) specialists only those analysts
following firms in a single sector (country). Blig measure would be much more restrictive,
and would not consider the analyst in our examdector specialist.

For each analyst, we compute both a sector andrtryoH| as follows

C

C
Country _ 2
HIZ™ =3 a,
c=1

S
Sector 2
HIZ =" o

s=1

whereac = Neay / Nay andas = Nsay / Nay . Ngay (Nsay) is the number of firms in
country c (sector s) for which analystssued forecasts over fiscal ygam,y is the total
number of firms followed by analyatover fiscal yeay.

A country HI takes a value of 1 (i.e., its maximwalue) when the analyst follows
firms that are all headquartered within a singlentoy. Similarly, a sector HI takes value of 1

when the analyst follows firms that are active iire Gector.

13



Analysts who also follow few firms in other coumesi(sectors), but who devote most
of their attention to firms within a single coun{sector) will have a country (sector) HI close
to one. HI values go towards zero as analystsf@artdiversification increases.

Each analyst is classified as a country specidligtr or his country HI is larger than
0.90 and her or his sector HI is smaller than OBéch analyst is classified as a sector
specialist if her or his sector HI is larger thaB@and her or his country HI is smaller than
0.90!° For the purpose of our analysis, we take onlyyastsiwho are either country or sector
specialists. We drop analysts who follow many cdaatand many sectors and analysts who

mainly follow only one sector in one country.

4.3. Event Study

To evaluate the information content of analystscoremendations, we compute
abnormal returns around the day that an analyséssa recommendation. For that, we follow
standard event-study methodology as in Brown andn@fg1985). The event day is the day
the recommendation is issued as reported by I/B/Es8owing existing literature, we define
the estimation period as the interval [-200,-11fhwiespect to the announcement date.
Abnormal returns are the prediction errors from ahe-factor OLS market model calculated
over the estimation period, where the explanataotdr is the market index SP350 Europe.
Both stock returns and the market index are lofpdéhces computed in euros.

Our sample includes some small firms that are yhirslded. Infrequent trading can be
problematic, as it can induce autocorrelation orlstreturns. To appropriately account for
that possibility, we follow the Maynes and Rums&993) “trade-to-trade” approach. They
show that the use of “trade-to-trade” returns letmgorrect estimations for all levels of

trading frequency.

1 The choice of 0.90 as a threshold is somewhatrari Though, a closer look at the data suggésisit
accurately depicts analysts’ specialization. Reg@inain unchanged with thresholds of 0.80, 0.88,1a

14



The trade-to-trade approach uses multiperiod retcomputed as

R, :m( P, J

wheren is defined as the length of the non-trading inteevaling at dat¢. P, is the

last quoted price before the non-trading interwaguros. The abnormal return is computed as
the difference between the actual return and thmeed return over the event window as

follows:
AR:”: = R,n, - E[Rn,} = R,nI _|:é>int _ﬁiRn,n,]
where R, is the market index return over the non-tradingquethat matches the

stock return.a; . and B are the WLS coefficients calculated over the estiom window.

The errors from the “trade-to-trade” adjusted oaetdr model are heteroskedastic with
varianceno?. To correct for heteroskedasticity, the data aveled by the square root of
(weights)**

Once we have obtained abnormal returns we cumulee over the following
intervals [-1,+1], [+2,+20] and [+21,+60], and wétain CABNRET, CABNRET20 and
CABNRET60 correspondingly CABNRET allows us to evaluate the market reaction at the
time when stock recommendations are issued. Ther atteasures provide us with some
insight into whether a price drift follows the datdhen the recommendation is issued. We
find that the mearCABNRET is 0,31% for upgrades and -0,38% for downgradéss s
much lower than cumulative returns reported for fuis but it is in line with results in
Dubois and Dumontier (2008) and Jegadeesh and RG06) who provide estimations for
countries such as UK, France, Germany and lItalgo Abnsistent with these studies, for the
period [-1,+60], the mean cumulative abnormal metisr0,66% for upgrades and -0,89% for

downgrades.

1 Alternatively, we also compute size and mean ae§liabnormal returns (unreported) and re-estimaigein
(1) and (2) below. The results are qualitativetpitar to the ones reported in the paper.
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4.4. Cross-Sectional Regression Tests

Here, we introduce the approach that we followxaneine the relation between the
price reaction, recommendations, and the struat@ir@nalysts’ portfolios. We consider that
the price reaction is related to the direction #redmagnitude of the recommendation change.
For that, we defin€SURP as in Jegadeesh and Kim (2006) or Clement and(d&@5), a
variable indicating the surprise — or differencbetween the newly issued recommendation
and the last recommendation by the same analyshersame firnf? In some instances,
analysts discontinue their coverage of a firm foitejlong periods. Given that, we include a
recommendation in the final sample only if thera iprevious recommendation by the same
analyst on the same firm that is no more than 286 @ld. Although brokers usually follow a
home-made classification for stock recommendatitBgE/S translates recommendations in
a unique five-scale grouping. The values 1 to Srespectively assigned to Strong Buy, Buy,
Hold, Sell, and Strong Sell recommendations. Aprievious studies, we reverse the scale
used by I/B/E/S to have positive (negative) valtmsupgrades (downgradesJURP can
therefore take discrete values that range fromo—#4t Our baseline regression model is the

following:

CABNRET[tO;H] =g+ B[BURP + y[Controls+ & (1)

If recommendation changes convey information thieces stock prices, we expect
the slope coefficient to be significantly positive. To test whether coyrspecialized
analysts issue more informative stock recommendstiore expand model (1) and estimate

the following equation:

2 Alternatively, we define SURP as the differenceatsen the current recommendation and its consemsese
the consensus is computed as the average of ateoding analyst recommendations issued over thequs
year (see Dubois and Dumontier (2008)). This adteéve definition of the surprise does not have begring on
our conclusions.
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CABNRET, ,, =a + 3, [SURP[COUNTRYSP + 3, (SURP (BECTORSP + y[Controls+£  (2)

whereCOUNTRYSP equals 1 if the analyst is a country specialist @mtherwise, and
SECTORSP equals 1 if the analyst is a sector specialist @radherwise. This specification
allows us to test whether there is any differencehe information that country and sector
specialists convey to the market. If there is rformation advantage of one group over the

other then we expecB, = 5,. However, if one group has an advantage in gatbeaind

processing information then the coefficient will kz@ger for the group that conveys more
information to the market.

Empirical studies on stock recommendations motivtiee use of several control
variables. Thus we define the following charactess broker size, number of analysts
covering the firm, days in relation to the earnammouncement date and to previously issued
recommendations for the same firm and firm markapitalization. The first three are
constructed from the information made availablel/ByE/S. Firms’ market capitalization is
computed with data taken from Datastream.

Stickel (1995) argues that large brokerage houses the resources to disseminate
stock recommendations more efficiently to investoMso, in large brokerage houses,
analysts have more resources to gather and privdeasation. It is therefore likely that their
results may be of higher quality and as a consemubkave a stronger impact on stock prices.
Stickel (1995) indeed shows that the stock prieetien to recommendation releases is larger
when recommendations are issued by analysts wofkirigrge brokerage houses. To control
for this effect, we rank brokerage firms based lom mumber of analysts employed over a
given year. Then we defirBRKSZE, a dummy variable that equals one if the brokdéwrimges
to the highest size deciles and zero otherwise.

Large firms are in general followed more actively financial market participants.
Therefore, the marginal information brought to tharket by recommendations issued on
large firms and followed by a large number of astdys likely to be of less investment value
than the recommendations issued on less frequentgstigated firms. A measure that is
commonly used as a surrogate for the firm’s infdrama environment is the number of
analysts following the firm. Thus for each recomuetion, we defineNUMANA as the
number of analysts who issued at least one recomiatien on the firm over the 360 days
preceding the recommendation release. The firmstketacapitalizationMV is another

measure that is commonly used, see Stickel (1995).
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In fact, as is noted by Asquith et al. (2005), bt andNUMANA serve as proxies
for the firm-specific information environment thkss actively followed firms may have
compared with more widely followed firms. Sincesbédwo measures are correlated we only
conside™MUMANA in our estimations; however, we note that our ltesemain virtually the
same if we substitutSUMANA by MV.

Ivkovic and Jegadeesh (2004) show how the priceticgadepends on whether the
recommendation precedes or follows the earningswamrement date and also on how close
the recommendation is to the earnings announcemai®; see also Boni and Womack
(2004). We include three dummy variables to accéomnthe differential information content
of recommendations issued before and after earnamy@wuncements. FirsBAGE (i.e.,
precedes an earnings announcement) equals 1 iétoenmendation is issued within the 10
days preceding an earnings announcement date andtterwise FAGE (i.e., follows an
earnings announcement) equals 1 if the recommeaemdas issued within the 10 days
following an earnings announcement date. Finalfig, tariableCAGE (i.e., contemporaneous
with an earnings announcement) is equal to 1 ifrdte®mmendation is released on the same
day as the earnings announcement. The use of theme control variables has a double
objective. They are aimed at controlling for therywag level of information content of
recommendations reported by Ivkovic and Jegade23bd{ and Boni and Womack (2004).
They also have the objective of avoiding the pdgsitonfounding effect of earnings
announcements and recommendation releases thatwiticin the same couple of days.

Intuitively, the value of recommendations shouldoatiepend on whether they are
issued right after other recommendations for theesdirm or on whether they are lead
recommendations. Cooper, Day and Lewis (2001) siggieat the timeliness of the
recommendation can be relevant in explaining ababrreturns. To account for this
possibility, we follow Dubois and Dumontier (2008nhd computeTIMELINESS as the
number of recommendations issued during the previoonth for the same firm. The larger is
TIMELINESS, the lower the information content of a new recomdaion and the lower its
price impact. In addition, to avoid confoundingeefts we discard all recommendations that
are issued simultaneously in the window [-1,1] byhbcountry and sector specialists.

The explanatory variables that we use as contr@segpected to have reverse signs
for upgrades versus downgrades. Since we stacladegrand downgrades in our estimations,
we multiply all control variables by a variable thaquals 1 for upgrades and -1 for

downgrades.
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Finally, to detect the possibility that the reantito the recommendation surprise
depends on the sign of the surprise (Hayn, 1998)l&ifine one last variabkSYM, a dummy
that equals one for upgrades and zero otherwisen,TWwe interactASYM with SURP to

control for any asymmetric price reaction to reccgntation upgrades versus downgrades.

5. DESCRIPTIVE STATISTICS AND BASIC RESULTS

5.1. Descriptive Statistics

Table 1 reports key sample statistics. The firdtrom refers to the whole sample. The
second and third columns refer to country and sesgtecialists respectively. This allows us to
compare the main characteristics of the portfotibshese two types of analysts. As a first
insight, this table shows that the average numbérms followed by each type of analysts is
very similar across specializations. On averagéh loountry and sector specialists follow
approximately eight firms. To the same extent, theerage number of vyearly
recommendations is equivalent for both types ofyat® Country and sector specialists issue
an average of 17.1 and 18.2 recommendations per rgspectively. However, the focus
seems to be different across specializations. Hespecialists focus on more actively
followed firms. The average number of analystofwihg firms analyzed by sector specialists
is 27.2, which is well above the average of 16ctmuntry specialists.

The third row of the table indicates that countpedalists follow on average 1.04
countries. In fact, a country specialist may follaw to four countries. This gives support to
our definition of specialization. That is, the wfeHerfindahl indices allows us to consider as
country specialists analysts who spend most of tirae analyzing firms headquartered in a
single country, but who may also follow a small taemof foreign firms. The same holds true
for sector specialists who follow an average oBIs8ctors. In fact, there are sector specialists
who follow up to six industries over a given yeat boncentrate their efforts on firms within
a single sector. The average number of sectormWelll by country specialists is three, which
is equivalent to the average number of countridbvi@d by sector specialists. This is

surprisingly low.

3 The literature on the accuracy of earnings forsca®cuments that analysts’ experience also plays a
important role explaining accuracy. For this reasorunreported results, we also examine whethpegance
significantly explains abnormal returns to anakgstommendations and we find that it is not the cBae to
data constrains adding experience reduces significaur sample, but our results remain virtualhchanged.
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Even though sector and country specialists maywolup to 25 countries and 11
sectors respectively, these figures may indicedé bhokerage houses try, in many instances,
to specialize on both the country and the sectaedsions.

A noticeable difference between the portfolios ofiatry and sector specialists is the
size characteristics of the covered firms. Couspgcialists follow on average far smaller
firms than their sector counterparts. Figure 1 mles additional evidence on the size
distribution of firms followed by each type of agstl. The distribution for sector specialists is
clearly shifted to the right, which indicates thager firms are more actively followed by this

type of analyst.

Insert Table 1 About Here

Geographic location is also an important differatai between country and sector
specialists. Country specialists are on averagatdaoccloser to the firms they follow. The
average distance of 176 kilometers is mainly dudédfact that country specialists are mostly
based within their country of expertise. Indeed88¥ercent of them are located in the same
country as the firms they follow. Perhaps more ragéngly, 41.3 percent of the
recommendations issued by sector specialists reldteal firms. Although they follow more
than three countries on average, sector speciadisésn to tilt their activities towards
domestically headquartered firms.

The type of brokerage house country and sectoriasts work for also delivers
interesting insights. Whereas country specialistsadmost equally spread across large and
small to medium brokerage houses (51.3 percenhehtare working for large brokerage
houses), 81.1 percent of sector specialists belorigrge brokerage houses. An interesting
statistic is provided by the two last rows of thble. These lines show how brokers organize
research in general. It indicates that small- aretliom-size brokerage houses are mainly
country-focused. On average, 85.1 percent of tladyats employed by these institutions are
country specialists. In large brokerage housescol@try dimension is less pronounced, with
only about half of the analysts being country spiésts.
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Table 2, panel A presents the main statistics tefr@st on a country-by-country basis.
Panel B presents the same statistics by sectorgriSinogly, panel A shows that the relative
percentages of recommendations issued by counttysaator specialists are similar across
countries. On average, between 69.3 percent argl[@38cent of the recommendations are
issued by country specialists. The only exceptignireland, where the total number of
recommendations is spread equally between countlysactor specialists. We are therefore
unable to confirm the Kini et al. (2003) predictiancording to which financial analysts are
more likely to specialize by country in countriebere national commonalities are largest.
These percentages are more widely dispersed isettter-by-sector analysis of panel B. The
relative percentages of country and sector spetsatange from 68.8 percent in the health
care sector to 96.5 percent in the technology seéto exception is the financial sector,
which is followed mostly by sector specialists. Magy high proportion of country specialists
in the technology sector is surprising. A potengigblanation may rely on the fact that firms
in the technology sector are mainly small-capitalon stocks. As small firms tend to be
more actively followed by country specialists, thisay indeed explain why country
specialists dominate so reliably in the technolsegtor.

Table 2 also gives strong support to the firm-sizaracteristics already reported at the
global level. Indeed, the small-firm bias of coynin relation to sector specialists is not
peculiar to a specific country or sector. Counfrgaalists follow smaller firms than sector
specialists in every country and sector. On avertiges followed by country specialists are

a third the size of those followed by sector sgst&a

Insert Figure 1 About Here

The country-by-country average distance for sespacialists ranges from 334 to a
high of 1,349 kilometers. The average distance éetwsector specialists and the firms they
follow is greatest for Austria, Finland, and PodlgAlso, the percentage of local sector
specialists is relatively low in these countrieslolv 3.1 percent. To the contrary, the average
distance for sector specialists in large marketh @1 France, Germany, and the UK is 385,
668, and 353 kilometers respectively. The percentafglocal sector specialists is also far
more important than in small markets. Altogethkis thay show that large brokerage houses

are reluctant to put business branches in smaketsr
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Insert Table 2 About Here

In table 3, we report the distribution of recommatimhs. We first note that the
conclusions are not much different from those rigabiin studies on the U.S. market. In
European countries, as in the U.S. market, analgsts reluctant to issue strong sell
recommendations, but this type of recommendatiauiscslightly more often in Europe than
in the U.S., representing 6.3 percent of the tcgabmmendations issued over the sample
period. Our aim in constructing this table was teeek whether there were significant
differences in the behavior of both country andi@especialists. It could be that potential
conflicts of interest affect country and sectorcspksts differently, or that one group is more
optimistic than the other. If country analysts hdedter access to private information, they
may be tempted to issue positively biased forecestsrder to preserve their privileged
relationships with firms’ management. On the othand, sector specialists could be those
who are the most affected by conflicts of interastthis type of analyst generally works for
larger banks and brokerage houses, which are nialy to be active in the investment
banking industry.

Insert Table 3 About Here

Table 3 indicates that there does not seem todigesience in the behavior of the two
groups of analysts. In fact, country specialistgltéo issue more extreme recommendations
than sector specialists. They issue on averagghehpercentage of strong buy, as well as a
higher percentage of strong sell recommendatiorssisAshown by the F-statistics for the
difference in means, both differences are stasifijicsignificant, even though they do not
appear to be economically large. Sector special@sisthe other hand, seem to rely more

heavily on hold recommendations than their couspgcialist peers.

22



5.2. Does the Information Content of RecommendatianDepend on Specialization?

Before investigating whether the information comteinrecommendations depends on
whether analysts are country or sector specialistss crucial to confirm that stock
recommendations on European firms do contain véuabbrmation. This has been shown to
be the case within the US market, but we have d¢icthknowledge about the value of stock
recommendations in Europe. To this end, we firstrege model (157

Results are presented in Table 4. As reporteddarctimtext of the US market, column
(1) shows that the initial stock price reactiopasitively related to recommendation changes.
Columns (2) and (3) further show that there is alsbift that appears to last at least up to 60
days following the recommendation release. Alll# toefficients orBURP are statistically
significant at high confidence levels. In columd3} o (6) we add various control variables.
The initial stock price reaction related to brokee is strongly significant and similar to what
is reported by Stickel (1995) in the context of th&S market. In addition to a
contemporaneous relationship, the price drift cargs to be related to brokerage size, which
emphasizes the need to control for broker sizelfissquent tests.

Then we observe that the number of analysts caydfia firm is also a significant
determinant of the amount of information containedtock recommendations. This supports
the notion that the firms’ information environmenay play a role in the strength of market
participants’ reaction to newly issued recommerwteti Precisely, we find that the market
tends to react contemporaneously more to stockmewmndations issued on firms with
extensive analyst coverage. This finding contrasth our prediction outlined in section 4
that the relation betweedUMANA and the price reaction to recommendations releasss
expected to be negative. It also evidences that rétation between the information
environment and the price reaction to analyst renendations is complex. In fact, there are
some studies such as Bailey, Karolyi and Salvag@fong others, that document a positive

association.

4 Even though it has been shown that the recommiemdetianges are more relevant that the recommemdati
levels, in alternative tests we also control fa kvel of stock recommendations. We follow tweaiative
approaches. First we define a variable that weSt#RP L/evel and it is constructed as follows: it is tBeRP
variable multiplied by 2 if the newly issued recoemmation is a strong buy or strong sell, multiplsdl if it is
a buy or a sell and by 0 if it is a hold. Then wplaceSURP by SURP L/evel in the regressions. A second
approach to control for the level of the recomméiotietogether with the magnitude consists on adding
dummy variable to the basic regressions that talikee 1 if the recommendation is a strong buy sirang sell.
Given that controlling for the level of the recommdation in any of the two described approaches dotalter
our inferences we do not report the results harethey are available upon request from the authors
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Then when we look at column (5) and (6), the treoeisittion betweeNUMANA and
price reaction reverses and becomes negative. Qwemfind thatNUMANA is negatively
related to the cumulative price reaction over theqa [-1,+60]. [Write this up in section 4.]

Among the variables aimed at capturing differershes to contemporaneous earnings
announcement$CAGE appears to be the most significant. Indeed, recendations issued
on the same day as earnings announcements look tagyi convey significantly more
information than recommendations issued at otmeesi Probably, this result reinforces the
idea that one has to control for contemporaneousireggs announcements to avoid the
confounding effects of these two simultaneous exfeinformation brought to the market.
TIMELINESS is negative and significant across specificationsdiciating that
recommendations following other recommendationsiedson the same firm are less
informative than fresh and newly issued recommeadst In column (4),ASYM is not
statistically significant which suggests that thexeno asymmetry in the initial stock price
reaction to upgrades and downgrades. This resultrasis to what is observed for US
recommendations: a stronger price reaction for dpaahes than for upgrades. Surprisingly, in
column (5) and (6) the price drift following thecemmendation release is stronger for
upgrades than downgrades while for US recommenuatice tend to observe the reverse.
However, we note that this is consistent with theuits reported in Jegadeesh and Kim
(2006) who find no asymmetric price response taages and downgrades or even a stronger

price reaction to upgrades in several of the Ghttas (i.e. Canada, UK, Italy).

Insert Table 4 About Here

Overall, Table 4 confirms that recommendations amopean firms do convey
valuable information as in the U.S. market. Alsopsiof the characteristics considered,
which have been shown to affect the informationtennof recommendations within the US
market significantly, turn out to be significanttime context of Europe as well. Therefore, in
all the regression models we estimate in the rfetfiteopaper, we include all of these variables

as controls.
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We previously discussed that analysts’ portfoliosrevshaped by the information
environment and the existence of common forcesrdyifirm’s earnings. We also argued that
other forces also affect how analysts define tpeitfolios. If this is true, the composition of
analysts’ portfolios and particularly analysts’ siadization may be important in determining
the relative level of information contained in dtocecommendations. We expect that
recommendations issued by analysts whose portfd@sefit most from commonalities
across firms are more informative of the true valtighe firm. Having shown that European
stock recommendations affect prices significanthg, now turn to the analysis of whether
recommendations issued by country and sector dggsiprovide investors with differing
levels of information.

To test for the relative information content of aeemendations from country and
sector specialists, we estimate model (2). TahpeeSents the results. Column (1) shows no
significant difference between the price reactiomdcommendations issued by country and
sector specialists. However, column (4) shows #ewdint picture when we control for the
various dimensions that can also influence theepréaction. We observe that at the time of
the recommendation release, the stock price remd¢tioeconomically stronger when the
recommendation is issued by a country specialistFAest with a p-value of 0.08 reported in
the last row of column (4) confirms that this difface is statistically significant. Thus, the
market seems to react differently to recommendatissued by country and sector specialists
at the time of the recommendation release. Furtbexmwe also observe that the price
continues to drift over the window [+2,+20] onlyrfeecommendations issued by country
specialists though the statistical significanceordy marginal. We argue that country
specialists bring additional information that ist mcorporated into prices at the time of the
recommendation release. In contrast, the coeffisien recommendation changes issued by
sector specialists are statistically insignificanticating that this type of analysts does not
bring any new information to the market beyond wih& captured by control variables. The
p-values for the tests of the difference betweem tbefficients on country and sector

specialists support this insight.

Insert Table 5 About Here
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Country specialists seem to bring additional infafion that is not incorporated into
prices at the time the recommendation is releagakdpugh statistical significant is only
marginal. We interpret this finding as evidencd tha price drift is related to the information
advantage of country specialists. That is, recontagons issued by country specialists
contain more information that is slowly incorpoitato prices over the window [+2,+20].
This delayed price response could be a resultaofetss failing to assimilate the information
provided by country specialists. It could also bglained by the existence of transaction
costs that exceed the potential gains from explpithe information. It is not possible for us
to distinguish between these two possible explanatand doing so is beyond the scope of
the paper. What we rule out is the possibility ttreg price drift is due to a change in the
underlying risk, since the delayed price react®related to the type of analyst and not to the
type of firm. Indeed, results remain similar whbea sample is restricted to the subset of firms

that are followed by both country and sector spistsa

6. EXPLAINING THE DIFFERENTIAL INFORMATION CONTENT

In the previous section, we documented that couspecialists issue more valuable
recommendations than sector specialists. Thistresulld be attributed to the existence of
commonalities across firms that are followed byntou analysts. It could also be due to
economies of scale that they realize when evalgatountry factors. In particular, country
factors may stem from particularities in instituad, accounting, fiscal, legal, or cultural
aspects that make countries differ. Advantagesetinko geographic location could also
provide country specialists with the opportunitypt@duce higher quality recommendations.

In what follows, we explore these possibilities.
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To do so, we expand our initial model in the foliog/way:

CABNRET,

[toty]

=a+ ., [BURP [COUNTRYSP [FACTOR

+ [, (BURPCOUNTRYSP @FACTOR  (3)
+ [, [BURP [BECTORSP + y [Controls+ &

where FACTOR relates to the different variables that we descibesubsequent
sections and consider as potential explanatorgfadf the information advantage of country
specialists. This approach allows us to test whethe comparative advantage of country
specialists is most apparent in certain institwtlosettings, or relates to specific analyst
characteristics. As we argue below, we hypothesia¢ country specialists may draw this
advantage from recommendations on firms located@¢ountries with weaker institutions,
because they benefit from a physical location athge or because they focus on firms
headquartered in countries with strong nationat#iogforces. Our test of interest is therefore
stated asl,: B, =5, ,.

6.1. Institutional Factors

High-quality institutional structures (i.e., higlsjity disclosure and legal system,
good governance) have a positive impact on thernmition environment and may require
less country-specific knowledgeA system with high-quality institutions is consist with
improved corporate governance and greater dis@amoad transparency. It could be that high-
quality institutions (quality disclosure and coratw governance) affect the economies of
scale that can be realized with specializationagdod understanding of country institutions.
Another possibility is that better disclosure amyernance imply a lower correlation of firm
future earnings with the potential information amgkncy costs that arise with poor-quality
institutions. In poor governance settings, firmueaimay be affected to a larger extent by
agency problems that are common to all firms sulife¢he same legal rules. In this setting,
country specialists may be at an advantage in staleting the extent to which agency
problems affect value for this group of firms. Thidvantage disappears as agency costs are

reduced through improved governance.
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Therefore better disclosure and governance may tiedolwer commonalities across
firms’ future earnings. There is still another pb#gy to explain why high-quality
institutions may lower the benefits from specidi@a. An enhanced information environment
makes it less costly to acquire and process infaamanot only for analysts but for investors
in general. Potential economies of scale being ledsvant, it could be that analysts’
information advantage over the market diminishethdse institutional particularities play a
role in the way analysts can process informatiah@emefit from economies of scale, then we
expect to find that the information advantage afritoy over sector specialists occurs only for
firms located in countries with poorer disclosui@slards and corporate governance.

In our analysis, we include country-level variabteat allow us to explore whether
corporate governance and the quality of discloglag a role in the results we document.
Following the corporate governance literature, wéne the variabl€ROT as a measure for
the quality of legal protection offered to minoritywestors in a given countr{PROT is the
anti-director rights index as presented in La Pettal. (1998). The index ranges from O to 5,
and it measures the strength of laws and regukationeach country that aim to protect
minority shareholders. Following the disclosurerkiture, we also consider tA€TG index
produced by the Center for International Finanéiablysis and Research and used by La
Porta et al. (1998). It is a measure of the qualitgccounting standards in the country where
firms are incorporatetf. Specifically, we define a high protectioHRROT) dummy variable
that equals 1 if the anti-director rights indexabove the sample median value and O
otherwise. We also define a dummy variable for hdgdclosure HACTG, which equals 1 if
the ACTG index is above the sample median and 0 otherwilse, we consider total market
capitalization as a proxy for the extent to whieltle country’s financial market is developed.
This variable has been widely used as a proxyHerquality of the information environment.
We divide our sample into high and low national kedrcapitalization, and set the dummy
variableHMKTS ZE equal to 1 if market capitalization is above thedan and O otherwise.
Therefore, we successively $&8CTOR = HACTG, HPROT, andHMKTS ZE.

!5 Ball et al. (2000), Morck et al. (2000), Rajan atidgales (2003) and Chang et al. (2001) show how
institutions impact the information environment.

18 International Accounting and Auditing Trends (4" edition, 1997), Center for International Finandalalysis
and Research, Princeton, New Jersey.
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Results are presented in Table 6, panel B. In vidgiktws, for comparison purposes
we report in Table 6, panel A the main results froable 5. Also, we do not report the
coefficients on control variables, so as to avaigspnting extensive tabl&swith regards to
estimations for both accounting index and antiwe rights, we first remark that the initial
stock-price reaction does not depend on whethe@mmewendations are issued in high or low
accounting index or anti-director rights countrigsfact, the overall information content of
stock recommendations issued by country speciaBssmilar in countries with high- and
low -quality institutions. However, the post recoemdation price reaction is stronger for
those recommendations issued by country specidhsatsrefer to firms located in countries
with lower quality institutions. The coefficients1 @wountry specialists after the initial stock
price reaction are all positively and significantglated to cumulative abnormal returns only
in low accounting index and anti-director right otnies. Coefficients on sector specialists do
not show any statistical significance in any c&econd, the additional information brought
to the market by country specialists is more prowed in lowACTG and PROT countries.
Coefficients on country specialists in countrieshwiow institutional variables are always
larger than those in countries with high institoaib variables and the difference between
coefficients is statistically significant.

In table 6, the last section of panel B focusestton breakdown by stock market
capitalization of the country in which the firml@cated. This is an ad hoc check of whether
the relative advantage of country specialists rceatrated in firms for which the information
environment is poorer. In such markets, countrycigheed analysts may obtain benefits from
commonalities that are supposedly large. Indeed, dbmparison of the coefficients on
recommendations issued by country specialists iallsamd large markets reveals that the
information content of recommendations is more pumted in the former. Here, this
differential informativeness is partly acknowledgéy investors, as the difference is

statistically significant at the time of the recoemdation release (p-value: 0.048).

Insert Table 6, panel A and B

7 Complete tables with coefficients on control vhkis are available from the authors upon request.
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Overall, these results suggest that institutioaatdrs may explain part, but not all, of
the informational advantage of country specialistsr sector specialists. On average, country
specialists issue more informative recommendatiossnall countries and countries with low
accounting standards and low minority shareholdeteptions. Moreover, the information
content of stock recommendations issued by cowpegialists remains higher than for sector
specialists even in large markets and when acaaystiandards and shareholder protection
are high. We acknowledge that the information ath@a is only gradually incorporated into

stock prices especially in countries with poorealdy institutions.

6.2. Proximity Factors

A few papers study information asymmetries due toximity in the context of
financial analysis. Bae et al. (2005) report accyrdifferences depending on whether
analysts are based within the same country asrthe they evaluate. Relying on a sample of
32 countries, their results show that local analistue on average far more accurate earnings
forecasts than their foreign peers. In the comé&uropean markets, Orpurt (2004) reports a
similar result. Malloy (2005) studies the differena accuracy between analysts located close
to the firms they follow and those farther away. lencludes that, within the US,
geographically proximate analysts issue on averagee accurate earnings forecasts.
Whereas Malloy focuses on physical proximity an@ésusneasures that capture distance
between analysts and firms, Bae et al. (2005) amuli®(2004) focus on different measures
of proximity; that is, local versus foreign anab/sBeing local reflects not only physical
proximity butalso other dimensions of proximity such as cultuegbnomic or institutional. These
papers do not try to evaluate which dimension aixjmnity is relevant, probably because data on
physical distance is hard and tedious to get.

In this paper, we capture these two dimensionsraXimity. First, we compute the distance
between analysts and the firms they follow. Secoralclassify analysts as local or foreign, depegdin
on whether they are located in the same countryhasfirms they follow or abroad. These two
geographic dimensions do not have the same imjgitafor sources of information advantage. In the
first case, analysts may have better access tatpriuformation, as they are located close to ithesf
headquarters. They can visit the firm on a regoéesis and build solid relationships with management
In the second case, the advantage that local dagatgay have is more likely related to better
knowledge of country characteristics. One may thiikanguage, fiscal policies, regulations and

cultural and institutional dimensions. [ add son@2697)
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Therefore, we make a clear distinction betweenaitheantage due to being local, as
opposed to foreign, and the physical proximity adage, as opposed to being located
geographically far away from firms’ headquarters. dompute the variables that relate to
these two dimensions, we proceed as follows. W tikke from I/B/E/S analysts’ names and
the brokerage houses they work for. Then, yearday,ywe search in different editions of the
Nelson Information’s Directory and obtain the ditywhich each financial analyst is located.
Finally, for each recommendation with available ggaphic information on the analyst and
the firm, we compute the distance between the ahao issued the forecast and the firm
for which the forecast was issu€dWe define a dummy variable calléd STANCE that
equals 1 if the analyst is located less than 100maters away from the firm and O
otherwisé’. From the same information set, we also determihether analysts are located
within the same country as the firms they follovar Each recommendation, we compute
LOCAL, a dummy variable that equals 1 if the analyst #edfirm are located in the same
country and O otherwise.

The results are reported in Table 6, Panel C. &imgty, within-country location
does not appear as a potential explanation fobehier performance of country specialists. In
fact, the coefficients are larger for local tham foreign country specialists and sector
specialists but they are not statistically sigmifit We note that the lack of statistical
significance of these results may come from a shaduction in the size of the sample,
coupled with the fact that only a small portiorcofintry specialists are located abroad.

Results for proximity as defined by analysts bdowated geographically close to the
firms, also lack statistical significance. Both xiroate and more distant country specialists
outperform sector specialists, and the coefficientshese two types of country specialists are
close to each other in the first two periods. Hogrethe coefficients are not statistically
significant. As such, it seems that proximity ist mosource of advantage. But we remain
careful in our interpretation as these tests adstasuffer from the same data availability

problem as before.

'8 The formula used to compute the distari2ist] between to cities andB is given by
Dist = Rarccog siflatitude,) siflatitude,)+ cdsatitude,) c@kongitude, —longitude, )],

where R=6378 km is the earth’s radius.
19 Results are unchanged with thresholds of eithesr3D0 kilometers.
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Insert Table 6, panel C

6.3. Country Factors

Country factors represent common economic forcéandr firms’ future earnings
beyond those related only to institutional factdrs.this section, we test whether country
factors explain the advantage of country over segpecialists. For that purpose, we follow
Heston and Rouwenhorst (1994) and estimate fromk stalex returns the “pure” country
factors. This method returns, for each countryhm $ample, a time series of country factors.
We then compute, on an annual basis, the variaiheaah country factor. It serves as a proxy
for the strength of national influences in the doynCountries with important national
specificities have a high country-factor variandée then rank countries on the basis of their
country factor variance. Recommendations issuefirms in countries with a country factor
above the median country factor are classifiedigls bountry-factor recommendations. The
dummy variableHFACTOR takes the value 1 for recommendations issuedesetltountries
and 0 otherwise.

We hypothesized that country specialists may dragir trelative advantage from
countries in which commonalities among firms angéda If so, recommendations issued by
country specialists on firms in countries with higbuntry factors should convey more
information than recommendations in countries Wathi country factors. Results are reported
in table 6, panel D and they marginally confirm dwpothesis. The initial stock price
reaction is identical for recommendations issuedcbyntry specialists in low and high
country-specific factor markets. These coefficiaarts 0.08 and 0.07 percent respectively, and
the test for their statistical difference reportg-@alue of 0.779. However, the coefficient on
country specialists in countries with high commdied is much larger than the coefficient on
country specialists in low commonalities countireshe [+21;+60] period and the difference

is significant at the 10% level.

Insert Table 6, panel D

32



As an alternative measure for country factors wso atonsider the raw country
standard deviation of stock returt#STDEYV takes the value 1 for recommendations issued in
countries where return variance is above the medidure and O otherwise. Results are also
reported in table 6, panel D. We observe that tmemmporaneous and subsequent stock price
reaction is larger for recommendations issued hynttg specialists in countries with high
country-specific variance. The difference is stat#ly significant for the periods [-1,+1] and
[+21,+60] with p-values of 0,053 and 0,008 respetyi. Overall our results suggest that
country factors could also explain part of our filgb as the coefficients are significantly
larger when country factors are high (especially HSTDEV) showing that in that case

country specialists add more value.

7. CONCLUSION

Brokerage houses usually organize their Europes@areh departments along either
country or sector lines. Their research activi@@® to provide valuable information and
advice to investors. Our goal is to evaluate wificzin of organization provides most value to
investors. In this paper, we document that the evatontained in analysts’ stock
recommendations is related to how analysts stredtugir portfolios and research activities.
We compare the information content of stock recomaaéions issued by country specialists
and sector specialists. We show that the formgyastdrm sector specialists, in the sense that
their recommendations convey more information ®rtiarket.

We investigate potential sources of the informatamvantage country specialists
enjoy. Results show that the information contenttledir recommendations is higher in
countries with low accounting standards and weakedtolder protection. It is also higher for
firms located in countries with low market capitalion. Our results, however, indicate that
geographical and cultural proximity provides a weakglanation for the superior performance
of country specialists. Thus, location and proxymioes not seem to be a source of
comparative advantage, contrary to what some studmcument for earnings forecast
accuracy. Last, we observe that the relativelyebbgterformance of country specialists is

highest in countries with relatively strong courspecific factors.
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The information advantage of country specialistsn@g short-lived. There is an
incomplete price reaction at the time the recomragad is released that continues to drift for
up to 60 days. This delayed price response coulithéeesult of traders failing to assimilate
the information provided by country specialistscduld also be explained by the existence of
transaction costs that exceed the potential gam® fexploiting the information. It is not
possible for us to distinguish between these twssitte explanations, and doing so is beyond
the scope of the paper. What we rule out is thesipiiy that the price drift is due to a
change in the underlying risk, since the delayecepreaction is related to the type of analyst

and not to the type of firm.
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FIGURE 1

Size distribution of firms followed by country and sector specialists
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[0 - 200] 21,55% 4,02%
1200 - 600] 21,88% 6,79%
1600 - 1'200] 14,22% 9,39%
]1'200 - 2'000] 9,50% 8,22%
]2'000 - 3'000] 7,02% 7,50%
]3'000 - 5'000] 7,55% 10,60%
15'000 - 10'000] 8,34% 17,45%
]10'000 - 30'000] 6,59% 19,59%
130000 - 50'000] 1,63% 7,09%
150'000 - 100'000] 0,96% 6,40%
]100'000 - 1'000'000] 0,26% 2,51%
> 1'000'000 0,00% 0,00%
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Table 1. Descriptive Statistics

This table presents average values of various ctarstics of analysts’ portfolios and researchivias,
depending on specialization. We include all analysiowing European firms. However, to reach aclgicture
of analyst portfolio characteristics, a worldwidergple of firms is considered in some instances. rélason is
that sector specialists do not (always) restrietrtbelves to European firms and the comparison gatimtry
specialists would be worthless if one considerexbfgan firms only. “Avg. number of firms,” “Avg. mber of
recommendations,” “Avg. humber of countries,” amf/§j. number of sectors” indicate the average nunaber
firms each specialization type of analysts follow® average number of recommendations issued &lysis,
and the average number of countries and sectdoviadl by analysts. All of these variables are comgwon a
yearly basis from a worldwide sample of firms. Trest of the table refers to a sample restricteBumpean
firms. “Avg. number of analysts per firm” is an indtion of the average number of analysts who foléogiven
firm on a yearly basis. “Avg. firm size” is the aage market capitalization of firms in analysts'rtfalios.
“Avg. market size” is the average size of the nalomarkets followed by analysts. “Avg. distance”the
average number of kilometers between analyststanfirms they follow. “Local” stands for analystschted in
the same country as the firms they follow. By casiy “foreign” analysts are based abroad. “Largkéns” are
those in the top broker size-decile. “Small and immedbrokers” constitute the remainder. The peragntaf
analysts in large and small/medium brokerage hoirsttisates for which type of brokers financial ays
work. “Brokerage structure”, which is reported e tlast two rows of the table, indicates which tgpanalysts
large and small/medium brokerage houses tend tdogmp

Variable All Analysts SCpZLcjir:Igts Spieec?:l)irs s
Avg. number of firm 8,1 8,4 7.8
Avg. number of recommendatic 17,C 17,1 18,2
Avg. number of countrie 1,6C 1,04 3,33
Avg. number of sectc 2,6¢ 3,22 1,0¢
Avg. number of analysts per fil 18,7 16,C 27,2
Avg. firm size (mio. EUFR 7.818,¢ 4,911 ( 17.152(
Avg. market size (bio. EUI 867 86¢ 864
Avg. distance (knr 307 17¢ 59t
% of local analysts 65,4% 87,8% 41,3%
% of foreign analys 34,6% 12,2% 58,7%
% of analysts in large broker 60,0% 51,3% 81,1%
% of analysts in small/medium broker 40,0% 48,7% 18,9%
Large brokers' structu 100,0% 58,4% 41,6%
Small/medium brokers' structi 100,0% 85,1% 14,9%
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Table 2. Descriptive Statistics: Country-by-Countryand Sector-by-Sector

This table reports statistics of interest on a ¢guby-country (panel A) and a sector-by-sectomg@daB) basis. In both panels, column 2 reportstéi@ number of analysts
having issued recommendations on firms headqudrterthe corresponding country (panel A) or se@anel B) over the period 1994 — 2003. Columns & give the total
number and percentage of recommendations issueduntry and sector specialists over the whole sametiod in the corresponding country or sectotu@as 7 and 8
report the average size of firms in respectivelyrtoy and sector specialists’ portfolios. Columren@ 10 indicate the average distance (in kilorsgtimat separates country
and sector specialists and the firms they follolwe Tast two columns report the percentage of lacalysts (i.e., based within the same country rassji having issued
recommendations on firms in the corresponding agupanel A) or sector (panel B).

Panel A

Total Total number of recommendations Avg._ firm size Avg. distance % of local analysts

number (mio EUR) (kilometers)
Country of

analysts Cou r_1tr>/ % Sec_tor % Cou ntry Sec_tor Cour_1tr_y Sec_tor Cou r_1try Sec_tor
Specialist Specialist Specialist Specialist Specialist Specialist Specialist Specialist

Austrie 18¢ 142 71,0% 582 29,0% 76C 1.65( 507 1.34¢ 55,6% 0,0%
Belgium 51€ 5.39¢ 78,1% 1.51C 21,9% 2.222 9.59¢ 43 357 84,5% 2,3%
Denmarl 401 4130 73,2% 1.51f 26,8% 9.28( 32.96° 19C 62¢ 67,9% 11,3%
Finlanc 4132 6.27¢ 82,4% 1.337 17,6% 2.82( 7.501 13¢ 1.212 88,8% 1,8%
France 1.816 38.980 83,3% 7.817 16,7% 3.627 14.069 169 385 ,69090 22,2%
German 1.51C 21.92¢ 76,1% 6.89: 23,9% 4.83( 14.51¢ 28: 66¢ 82,1% 15,6%
Ireland 205 598 48,7% 629 51,3% 1.791 6.462 165 531 52,2%
ltaly 74¢€ 8.87¢ 73,5% 3.19¢  26,5% 2.907 8.41: 22t 982 84,9% 2,6%
Netherlands 1.097 18.923 82,2% 4095 17,8% 5.560 17.168 98 34 3 81,1% 10,6%
Norway 43¢ 491¢  77,6% 1.41¢ 22,4% 10.64: 26.36¢ 182 89t 91,0% 10,1%
Portuga 25¢ 2.69C 75,4% 88C 24,6% 1.23¢ 5.26¢ 1.01¢ 1.33¢ 72,1% 3,1%
Spair 71C 9.13¢ 72,6% 3.441 27,4% 2.961 11.08¢ 25(C 1.10! 84 ,5% 9,7%
Swede! 78t 7.27:  69,3% 3.22: 30,7% 23.87: 48.25° 172 97¢ 89,7% 19,1%
Switzerlani 804 8.01: 69,7% 3.482 30,3% 10.33¢ 41.19:. 154 76( 88,0% 2,9%
UK 2.017 51.39C 79,8% 13.04¢ 20,2% 2.42¢ 11.44¢ 12¢ 35: 97,8% 82,0%
All countries 6.587 189.95° 78,2% 53.06¢ 21,8% 4911 17.15: 17¢ bot 87,8% 41,3%
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Panel B

Total Total number of recommendations Avg._ firm size Avg. distance % of local analysts
number (mio EUR) (kilometers)
Sector of
analysts Country % Sector o Country  Sector Country  Sector Country  Sector
Specialist Specialist SpecialistSpecialist SpecialistSpecialist Specialist Specialist
Finance 1.89: 15.98° 415% 22.54( 58,5% 7.565  18.20¢ 153 58¢€ 89,04  41,3%
Health Car 1.17¢ 8.23¢ 68,8% 3.732 31,2% 8.41z 28.47° 19¢ 562 87,0%  40,4%
Cons. Non-Du 1.86: 21.14¢ 84,4% 3.91¢ 15,6% 3.34¢ 11.84« 18t 33¢ 86,4%  46,3%
Cons. Service 3.10¢ 40.12. 85,8% 6.667 14,2% 3.48(C 7.83¢ 162 41€ 91,04  48,5%
Cons. Durables 1.014 7.078 94,1% 444  5,9% 10.328 21.251 232874 88,9%  259%
Energy 771 5.15¢ 72,8% 1.93C 27,2% 22.32: 54.52¢ 128 572 89,3%  41,9%
Transportation 771 5.489 85,5% 930 14,5% 2.345 2.901 180 57594,7%  44,9%
Technolog' 1.53¢ 15.16 96,5% 544  3,5% 97¢ 1.11¢ 17C 917 91,6%  39,0%
Basic Industries 2.311 19.013 75,3% 6.247 24,7% 3.280 97.50 168 871 89,4% 39,8%
Capital Good 3.03: 44 .45¢ 92,9% 3.397  7,1% 3.865  17.58: 178 597 89,2%  39,6%
Public Utilities 1.28¢ 8.111 74,9% 2.71€ 25,1% 13.847 33.82: 237 99: 90,0%  26,5%
All sector: 6.58" 189.95 78,2% 53.06¢ 21,8% 4911 17.15: 17€ 59t 87,8%  41,3%
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Table 3. Distribution of Recommendations

This table reports the distribution of stock recopmalations for each type of analysts’ specializatibimdicates

the percentages of Strong Buy, Buy, Hold, Sell, &itbng Sell recommendations issued by all analysts
(irrespective of specialization), country, and eedpecialists. The last but one column reportsdifference

between the percentage of each recommendationiggped by country and sector specialists. The pevédr
the statistical significance of this difference ears in the last column.

| Country Sector

Specialist Specialist Difference _Anova

Recommendation

Analysts () (b) (a)-(b) F-statistic
Strong Buy 18,9% 20,1% 15,1% 5,0% 0,000
Buy 26,4% 25,9% 27,9% -2,0% 0,000
Hold 37,2% 36,4% 39,9% -3,5% 0,000
Sell 11,3% 11,1% 11,7% -0,6% 0,068
Strong Sell 6,3% 6,5% 5,4% 1,1% 0,000
Total 100,0% 100,0% 100,0% 0,0% -
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Table 4. Stock Price Reaction
This table reports the results from the estimatibthe following two models:
CABNRET,, ., =a+B[BURP+¢

CABNRET|, .+ =a + BLBURP +y[Controls+¢

Columns (1) to (3) report results relative to teéreation of the model without control variablefieTestimations reported on columns (6) to (8) arfopmed with the whole
set of control variablesCABNRET, ., is the cumulative abnormal return computed ovdfedint time windows. The models are successivedtinated for

CABNRET_,..;, CABNRET, 4, andCABNRET|,,,, i, Where the values df, and t,are expressed in day8URP is the surprise, or difference, between each néssiyed

recommendation and the last recommendation prelyioakeased by the same analyst on the same fitra.vBlues 1 to 5 are respectively assigned to &tBuys, Buys,
Hold, Sell, and Strong Sell recommendaticB3RP therefore takes discrete values that range frono—44. The set of controls variables includRKSZE (a dummy
variable that takes the value 1 if the recommendatvas issued by an analyst working for a largedmnage house and O otherwiss)JMANA (the number of analysts
having issued recommendations on the firms overldke 360 days)PAGE (a dummy variable that takes the value 1 if theonemendation ‘P’recedes an earnings
announcement date by less than 10 days and O atlegr®AGE (a dummy variable that takes the value 1 if theomemendation ‘F’ollows an earnings announcemerg dat
by less than 10 days and O otherwisSeAGE (a dummy variable that takes the value 1 if theonemendation is issued contemporaneously, i.ehersame day, to an
earnings announcemenfllMELINESS (the number or recommendations issued during teeiqus month on the same firm) aASYM (a dummy that equals one for
upgrades and zero otherwise interacted with therisef). As the models we estimate include bothmenendation upgrades and downgrades, all our csrdrel multiplied
by a variable that takes the value 1 if the recomaation revision is an upgrade, —1 if it is a dovap, and zero otherwise. We report heteroskeitsiséind serial
correlation robust t-statistics in parenthesis Wwetleeir corresponding coefficient., ™, and” indicate statistical significance at the 1% , 59 40% levels, respectively.
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Variables CABNRET CABNRET20 CABNRET60 CABNRET CABNRET20 CABNRET60
(1) (2) (3) 4) (5) (6)
0 0,041 -0,001 0,088 0,024 -0,238 0,177
(1,98) *  (-1,22) (0,94) (0,66) (2,789  (1,25)
SURP 0,242 0,217 0,198 0,074 0,124 0,101
(16,94 (6,71)* (3,93)+ (2,15) ** (1,59) (0,78)
BRKSIZE 0,375 0,425 0,271
(8,90)** (4,41 )+ (1,90) *
NUMANA 0,009 -0,016 -0,024
(3,52)%* (-2, 57)**  (-2,44)*
PAGE -0,015 0,673 0,268
(-0,11) (2,11) ** (0,56)
FAGE 0,416 -0,220 0,148
(3,57)**  (-0,91) (-0,37)
CAGE 0,708 2,307 0,709
(2,00) ** (3,60)%* (0,93)
TIMELINESS -0,045 -0,118 -0,076
(2,88)%* (22,75 (-1,27)
ASYM 0,014 0,254 0,428
(0,28) (2,28) ** (2,35) **
Observations 46.656 46.637 49.184 46.654 46.635 46.182
Adjusted R 0,007 0,001 0,00( 0,01( 0,00: 0,001
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Table 5. Stock Price Reaction: Country versus Seat&pecialization
This table reports the results from the estimatibthe following two models:

CABNRET[tﬂ;tl] =g + [, [BURP [COUNTRYSP + S, (BURP [BECTORSP + &£
CABNRET[%;H] =g+ [, [BURP[COUNTRYSP + S, (BURP [BECTORSP + y [Controls + £

Columns (1) to (3) report results relative to teéreation of the model without control variablefieTestimations reported on columns (6) to (8) arfopmed with the whole
set of control variablesCABNRET, ., is the cumulative abnormal return computed ovdfedint time windows. The models are successivedtinated for

CABNRET_,..;, CABNRET, 4, andCABNRET|,,,, i, Where the values df, and t,are expressed in dayS8URP is the surprise, or difference, between each néssiyed

recommendation and the last recommendation prelyioakeased by the same analyst on the same fitra.vBlues 1 to 5 are respectively assigned to &tBuys, Buys,
Hold, Sell, and Strong Sell recommendatid®3$RP therefore takes discrete values that range fromo 4. COUNTRYSP (SECTORSP) is a dummy variable that is equal to
1 if the recommendation is issued by a countryigfiet(sector specialist) and 0 otherwise. Thed$etontrols variables includ&RKS ZE (a dummy variable that takes the
value 1 if the recommendation was issued by anyahalorking for a large brokerage house and 0 otise), NUMANA (the number of analysts having issued
recommendations on the firms over the last 360)d&GE (a dummy variable that takes the value 1 if theonemendation ‘P’recedes an earnings announceméntga
less than 10 days and O otherwi$&)GE (a dummy variable that takes the value 1 if tieom@mendation ‘F'ollows an earnings announcemerd dgtless than 10 days and
0 otherwise),CAGE (a dummy variable that takes the value 1 if theomemendation is issued contemporaneously, i.ehersame day, to an earnings announcement),
TIMELINESS (the number or recommendations issued during teeigus month on the same firm) aA8YM (a dummy that equals one for upgrades and zerovate
interacted with the surprise). As the models warede include both recommendation upgrades and gaaes, all our controls are multiplied by a vaeatihat takes the
value 1 if the recommendation revision is an upgrad if it is a downgrade, and zero otherwise. dfeort heteroskedasticity and serial correlatidousb t-statistics in
parenthesis below their corresponding coefficient.”, and” indicate statistical significance at the 1% , 59d 40% levels, respectively.
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Variables CABNRET CABNRET20 CABNRET60 CABNRET CABNRET20 CABNRET60
(1) (2) (3) 4) (5) (6)
m 0,000 -0,065 0,001 0,023 -0,239 -0,179
(1,99) *  (-1,23) (0,93) (0,65) (-2, 79+ (1,26)
SURP*COUNTRYSP (b) 0,232 0,002 0,003 0,076 0,129 0,112
(14,35)** (6,79)* (4,66 (2,21) ** (1,65) * (0,86)
SURP*SECTORSP (c) 0,281 0,092 -0,001 0,014 -0,017 -0,193
(9,42)+* (1,42) (-0,81) (0,29) 0,17) (-1,18)
BRKSIZE 0,390 0,459 0,34
(9,10)* (4,65 (2,34) **
NUMANA 0,010 -0,014 -0,019
(3,80  (-2,20)** (-1,95 **
PAGE -0,019 0,663 0,248
(-0,14) (2,08) ** (0,52)
FAGE 0,413 -0,226 -0,159
(3,55)**  (-0,93) (-0,40)
CAGE 0,705 2,301 0,698
(2,00) ** (3,68)* (0,91)
TIMELINESS -0,046 -0,118 -0,077
(2,89)%*  (-2,76)**  (-1,28)
ASYM 0,014 0,255 0,430
(0,29) (2,29) ** (2,36) **
Observations 46.656 46.637 46.184 46.654 46.635 46.182
Adjusted R 0,007 0,001 0,001 0,010 0,003 0,001
F-test (b=c) 0,1462 0,0330 0,0014 0,0871 0,0563 0,0065




Table 6. Institutional, Geographical, and Country Factors

This table reports results relative to the intetatien of the relative superiority of country spaisits over sector
specialists. All estimations are performed with thigole set of control variables mentioned in presgidables.
Specifically, these variables ar8RKSZE, NUMANA, PAGE, FAGE, CAGE, TIMELINESS and ASYM.
Coefficients on these control variables are noortal for space saving considerations but are aailfrom the
authors upon request. This table is split into foanels. Panel A recalls the results from tablerscémparison
purposes. Panel B refers to institutional factBianel C refers to geographical factors. Panel Brseb country
factors. Specifically, the results reported belelate to the following regression models:

CABNRET|, ., =a+ B. [(BURP[COUNTRYSP + B, [BURP [BECTORSP + y [Controls+ &
CABNRET[%;H] =a+ (., (BURP[COUNTRYSP [FACTOR + £, , (BURP [COUNTRYSP [ﬂl— FACTOR)
+ B, (BURP [BECTORSP + y [Controls+ &

whereFACTOR refers to the different variables that are congideas potential explanations of the information
advantage of country specialists. Therefé(tACTOR = HACTG, HPROT, HMKTSZE, LOCAL, DISTANCE,
HFACTOR, and HSTD. CABNRET[%;H] is the cumulative abnormal return computed ovdfedint time

andCABNRET,

[+21+ 6p°

windows. The models are successively estimated(IABNRE‘l'[fw,CABNRET

[+1#29
where the values of, and t are expressed in daySURP is the surprise, or difference, between each newly

issued recommendation and the last recommendatéviopsly released by the same analyst on the $ame
The values 1 to 5 are respectively assigned tan§tBuys, Buys, Hold, Sell, and Strong Sell recomdagions.
URP therefore takes discrete values that range fromo-4. COUNTRYSP (SECTORSP) is a dummy variable
that is equal to 1 if the recommendation is issbgda country specialist (sector specialist) andtftewvise.
HACTG (1-HACTG) is a dummy variable that equals JAECTG is above (below) the median and 0 otherwise.
HPROT (1-HPROT) is a dummy variable that equals 1PIRROT is above (below) the median and O otherwise.
HMKTSZE (1-HMKTSZE) is a dummy variable that equals 1 if the natiomarket capitalization is above
(below) the median and 0 otherwis®CAL is a dummy variable that equals 1 if the analy$dcated within the
same country as the firm for which the forecassssied.DISTANCE is a dummy variable that equals 1 if the
analyst is located less than 100 kilometers awam fthe firm.HFACTOR is a dummy variable that equals 1 if
the recommendation is issued on a firm headquatiera country with a country factor above the raedand 0
otherwise HSTD is a dummy variable that equals 1 if the countandard deviation is above the median and 0
otherwise. The set of controls variables incluB8KSZE (a dummy variable that takes the value 1 if the
recommendation was issued by an analyst working flarge brokerage house and 0 otherwise)MIANA (the
number of analysts having issued recommendationgherfirms over the last 360 day$)AGE (a dummy
variable that takes the value 1 if the recommendaf*’recedes an earnings announcement date byhasslO
days and 0 otherwise;AGE (a dummy variable that takes the value 1 if theoremendation ‘F'ollows an
earnings announcement date by less than 10 day$ atiderwise),CAGE (a dummy variable that takes the
value 1 if the recommendation is issued contempwasly, i.e. on the same day, to an earnings amweooent),
TIMELINESS (the number or recommendations issued during teeigus month on the same firm) aA8YM

(a dummy that equals one for upgrades and zeravede interacted with the surprise). As the modeés
estimate include both recommendation upgrades amchgrades, all our controls are multiplied by aiatle
that takes the value 1 if the recommendation remiss an upgrade, —1 if it is a downgrade, and pénerwise.
We report heteroskedasticity and serial correlatimipust t-statistics in parenthesis below theiregponding
coefficient.”™,™, and" indicate statistical significance at the 1% , 5% 40% levels, respectively.
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CABNRET CABNRET20 CABNRET60

Variables
1) (2 3
Panel A: Basis results
SURP*COUNTRYSP (b) 0,076 0,129 0,112
(2,21) ** (1,65) * (0,86)
SURP*SECTORSP (c) 0,014 -0,017 -0,193
(0,29) (0,17) (-1,18)
Observations 46.654 46.635 46.182
F-test b=c 0,010 0,003 0,001
Panel B: Institutional Factors
SURP*COUNTRYSP (HACTG) (b1) 0,078 0,112 0,026
(2,13) ** (1,33) (0,19)
SURP*COUNTRYSP (1-HACTG) (b2) 0,074 0,152 0,295
(1,85) * 1,71) * (1,98) **
SURP*SECTORSP (c) 0,014 -0,018 -0,201
(0,29) (-0,18) (-1,24)
Observations 46.654 46.635 46.182
F-test bl=b2 0,885 0,588 0,007
SURP*COUNTRYSP (HPROT) (b1) 0,070 0,074 -0,002
(1,92) * (0,89) (-0,02)
SURP*COUNTRYSP (1-HPROT) (b2) 0,085 0,211 0,280
(2,10) ** (2,33) ** (1,84) *
SURP*SECTORSP (c) 0,013 -0,023 -0,205
(0,27) (-0,23) (-1,27)
Observations 46.654 46.635 46.182
F-test bl=b2 0,662 0,069 0,019
SURP*COUNTRYSP (HMKTSIZE) (b1) 0,061 0,110 0,050
a,72) * (1,39) (0,39)
SURP*COUNTRYSP (1-HMKTSIZE) (b2) 0,154 0,222 0,421
(2,95) ** (1,76) * (2,90) *
SURP*SECTORSP (c) 0,010 -0,022 -0,209
(0,20) (-0,21) (-1,29)
Observations 46.654 46.635 46.182
F-test bl=b2 0,048 0,327 0,055
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Table 6 (continued)

CABNRET CABNRET20 CABNRET60

Variables

1) )

®)

Panel C: Geographical Factors

SURP*COUNTRYSP (LOCAL=1) (b1) 0,073 0,187 -0,076
(1,38) (1,59) (-0,38)
SURP*COUNTRYSP (LOCAL=0) (b2) -0,090 0,163 0,039
(-0,82) (0,66) (0,11)
SURP*SECTORSP (c) -0,009 -0,035 -0,480
(-0,13) (-0,24) (-2,06)
Observations 25.065 25.054 24.743
F-test bl=b2 0,114 0,911 0,735
SURP*COUNTRYSP (DISTANCE=1) (b1) 0,080 0,196 -0,040
(1,36) (1,49) (-0,19)
SURP*COUNTRYSP (DISTANCE=0) (b2) 0,041 0,220 -0,019
(0,66) (1,58) (-0,08)
SURP*SECTORSP (c) -0,035 -0,060 -0,382
(-0,47) (-0,39) (-1,58)
Observations 22.512 22.502 22.301
F-test bl=b2 0,462 0,839 0,913
Panel D: Country Factors
SURP*COUNTRYSP (HFACTOR=1) (b1) 0,084 0,099 0,286
(1,96) ** (0,98) a,71) *
SURP*COUNTRYSP (HFACTOR=0) (b2) 0,074 0,137 0,062
(2,06) ** (1,70) * (0,46)
SURP*SECTORSP (c) 0,013 -0,016 -0,199
(0,28) (-0,16) (-1,22)
Observations 46.654 46.635 46.182
F-test bl=b2 0,780 0,655 0,108
SURP*COUNTRYSP (HSTD=1) (b1) 0,114 0,194 0,293
(2,72) ** (2,07) ** (1,83) *
SURP*COUNTRYSP (HSTD=0) (b2) 0,049 0,076 -0,028
(1,37) (0,93) (-0,22)
SURP*SECTORSP (c) 0,015 -0,023 -0,208
(0,31) (-0,22) (-1,27)
Observations 46.436 46.417 45,964
F-test bl=b2 0,054 0,125 0,009
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